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Purpose: Based on a literature review of artificial intelligence (Al) applications within nursing tasks, this study delves
into the feasibility of employing Al to improve nursing practice in Korea. Methods: We used "nursing" and "artificial
intelligence" as keywords to search academic databases, resulting in 96 relevant studies from an initial pool of 940.
After a detailed review, 35 studies were selected for analysis based on nursing process stages. Results: Al improves
nursing assessment by enhancing pain diagnosis, fall detection, and movement monitoring in older adults. It aids
nursing diagnosis through clinical decision support, risk prediction, and emergency patient triage. Further, it expedites
the creation of precise plans utilizing predictive models in nursing planning. Al also forecasts medication errors and
reduces the nursing documentation burden for nursing implementation. Additionally, it manages (re)hospitalization
risks by assessing patient risk and prognoses in nursing evaluation. Conclusion: Al in Korean nursing can enhance
assessment and diagnosis accuracy, promote a prevention-focused paradigm through risk prediction, and ease the
burden of nursing practice amidst human resource shortages.
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Database searches: Total 940
RISS (n=10), KISS (n=14), PubMed (n=248), CINAHL (n=362), Embase (n=306)

Excluded: duplicated, not written in languages

k4

A 4

other than English and Korean, and presentation
or review articles (n=524)

Papers after initial exclusion (n=416)

Excluded: not directly related to nursing tasks

¥

and nurses (n=320)

Full-text assessment (n=96)

Excluded: papers not fit in the Korean nursing

Y

situations (n=61)

Studies selected for final analysis (n=35)

Figure 1. lllustration of the study selection process.
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Table 1. Classification of Selected Atrtificial Intelligence and Nursing Studies

(N=35)

No Nursing process Purpose of Al application Specific Al function Applied Al technologies  Country Authors Year
Al Nursing Health assessment Nociceptive pain ~ Predictive analytics; India Subramaniam 2021
assessment assessment for Artificial neural etal.
adult network
A2 Nursing Health assessment Children's Computer vision USA Sikka et al. 2012
assessment postoperative
pain assessment
A3 Nursing Health assessment Neonatal pain Computer vision USA Zamzmietal. 2019
assessment assessment
A4 Nursing Monitoring Fall risk detection =~ Computer vision; USA Shu and Shu 2021
assessment system Machine learning
A5  Nursing Monitoring Fall risk detection ~ Predictive analytics; Canada Maitre et al 2020
assessment system Artificial neural
network
A6  Nursing Monitoring Fall risk detection ~ Computer vision USA Rantz et al 2014
assessment system
A7  Nursing Monitoring Measurement of Predictive analytics; Japan Minvielleand 2019
assessment physical activity Artificial neural Audiffren
network
A8  Nursing Monitoring Measurement of Logistic regression; Japan Morita 2018
assessment physical activity Support vector
machine; Decision
trees
A9  Nursing Monitoring Psychiatric ward ~ Computer vision United Barrera et al. 2020
assessment nursing Kingdom
observation
A10 Nursing Disease/outcome Pressure injury Computer vision; China Wang et al. 2021
diagnosis prediction prevention Artificial neural
network
A1l Nursing Risk identification/ Prediction and Predictive analytics; USA Song et al. 2021
diagnosis prediction analysis of Logistic regression;
pressure injury Decision trees;
Artificial neural
network
A12 Nursing Health assessment Prediction and Computer Vision; USA Li and 2017
diagnosis analysis of Support vector Mathews.
pressure injury machine
A13 Nursing Risk identification/ Predicting fall Predictive analytics; South Jung et al. 2020
diagnosis prediction risk Logistic regression Korea
Al4 Nursing Risk identification/ Predicting Predictive analytics; USA Wong et al. 2018
diagnosis prediction delirium risk Logistic regression;
Artificial neural
network; Decision
trees
A15 Nursing Risk identification/ Predicting urinary ~ Predictive analytics USA Zachariah etal. 2020
diagnosis prediction infections
A16 Nursing Detection/ tracking/ Decision support  Predictive analytics; India Ajay et al. 2016
diagnosis monitoring system for high Artificial neural
blood pressure network
and diabetes
A17 Nursing Risk identification/ Analysis of Decision Support South Kim et al. 2021
diagnosis prediction pressure injury System Korea
568  journal of Korean Academy of Nursing Administration



Table 1. Classification of Selected Atrtificial Intelligence and Nursing Studies (Continued) (N=35)
No Nursing process Purpose of Al application Specific Al function Applied Al technologies  Country Authors Year
A18 Nursing Health assessment Emergency room  Predictive analytics Iran Soulfi et al. 2018
diagnosis triage
A19 Nursing Health assessment Emergency room  Natural Language USA Ivanov et al. 2021
diagnosis triage processing
A20 Nursing Health assessment Emergency room  Natural Language South Yuetal. 2020
diagnosis triage processing/ Logistic Korea
regression, Artificial
neural network
A21 Nursing Disease/outcome Analysis of Predictive analytics; China Chun et al. 2020
planning prediction pressure injury Decision trees
A22 Nursing Disease/outcome Predicting Predictive analytics; USA Safavi et al. 2019
planning prediction discharge Artificial neural
network
A23 Nursing Nursing care planning ~ Predicting transfer Predictive analytics; USA Wellner et al. 2017
planning to ICU Logistic regression,
Artificial neural
network
A24 Nursing Monitoring Predicting patient ~ Predictive analytics; USA Romero-Brufau 2021
planning deterioration Gradient boosting etal.
machine
A25 Nursing Monitoring Patient's shock Predictive analytics South Kim et al. 2019
planning pre-detection Korea
A26 Nursing Documentation Nursing records Speech recognition USA Fratzke et al. 2014
implementation through speech
recognition
A27 Nursing Documentation Nursing records Speech recognition Japan Mairittha etal. 2019
implementation through speech
recognition
A28 Nursing Documentation Writing nursing Predictive analytics; USA Bose et al. 2019
implementation records Elastic Net; Machine
Learning
A29 Nursing Risk identification/ Automatic Predictive analytics South Kang et al 2018
implementation  prediction injection risk Korea
assessment
system
A30 Nursing Monitoring Drug decision Natural Language USA Long et al. 2016
implementation support system processing
A31 Nursing Monitoring Injection Computer Vision USA Cabri et al. 2020
implementation medication error
A32 Nursing Monitoring Predicting Predictive analytics; Taiwan Lee and Lin 2020
implementation Extravasation Artificial neural
network
A33 Nursing Disease/Outcome Nursing Predictive analytics; China Duan et al. 2022
evaluation prediction evaluation after Improved traditional
post-operation NLM
A34 Nursing Risk identification/ Predicting Predictive analytics USA Mohammadiet 2020
evaluation prediction Hospitalization al.
A35 Nursing Nursing care planning Predicting Predictive analytics New Parisi et al. 2018
evaluation dismission after Zealand
operation
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